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Introduction

Global cities (Sassen,1991) experience serious social Social polarization: Dual city

polarization. In these dual cities, economically and socially e A A

disadvantaged groups face serious geographical isolation h
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problems due to high housing price, uneven job distribution,
etc. Income segregation In Tokyo metropolitan area(typical
global city in Asian), become increasingly pronounced these e
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years, particularly within Tokyo’s 23 special wards. migrant workers SegallcinElEliaeg

Fig. 1. Average household annual income in Tokyo 23 Wards.
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segregation level in three possible case from 2025 to 2045. gy i St e :
Resu |t Fig. 2. Workflow of comparing and simulating segregation level.
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Routine activity segregation level. Figure 5 Simulation model for estimating place-based NRAS index

Taking Case A as an example, opposite spatial changing
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Correlation matrix with significance and sample size
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Space Segregation Index on Weekday and Weekend & b Isolated aging island.
Aging clustered area’s segregation decrease. Aging clustexed: ﬁi}a s segregation increase.
HOIlday (Data source : Agoop cellphone positioning data 2022) 2045
Higher segregation level(>0.35) in Culture, Sport Welfare | | |
Scattered Scenario S1- Normal scenario Clustered Scenario S2- Normal scenario

space and lower segregation level(<0.27) in Transportation, T
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